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[ Abstract ] Radiomics is a non-invasive, objective and reproducible new diagnostic technique that obtains high-throughput image

features (such as color, shape, texture, etc.) from the region of interest (ROI) of standard medical images and guides clinical diagno-
sis and prognosis through data processing analysis. In recent years, Radiomics analysis has been gradually applied to bladder cancer,
playing an increasingly important role in identifying tumor types, grading and predicting tumor recurrence. This article aims to re-
view the research status, progress and future application of Radiomics of bladder cancer.
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